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benefit M— Primary Events

A Machine-Learning Model for Personalized Trial Data Exploration. The SPRINT trial assessed benefits and risks
comparing two regimens for lowering blood pressure: intensive vs, standard treatment (A). The SPRINT data challenge
made these primary trial data available (B) and challenged the scientific community to make novel findings. We applied
machine learning to derive a model for risk-benefit prediction. We implemented the model as a web-/mobile patient
application (C) as well as a SPRINT data exploration tool (D). The risk-benefit plots show primary events (“benefit™) on
the x-axis and the risk for severe adverse events on the y-axis. A position point on the lower left of the graph indicates
higher benefit (lower prevalence of cardiovascular events) and low risk for adverse events whereas a position at the top
right of the graph indicates a suboptimal risk-benefit profile. Abbreviations: Al, antificial intelligence; clinical/no clinical
CVD, subgroup with history of cardiovascular disease; RISK10YRS, Framingham 10-year cardiovascular disease risk.
For the mobile/web application see hitp://mpacula com/sc_spp
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